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A Study on Gaussian Mixture Reductions Using Machine Learning
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Gaussian mixture model(GMM) is a useful distribution for statistical methods, but the number of components of
GMM increases by statistical operations. Hence, the number of components must be reduced to around 2 in order
to repeat operations effectively and efficiently. Although several methods for reducing the number of components
have been proposed, each of them has strength and weakness in accuracy and time complexity. Therefore,
selecting an appropriate reduction method for an input distribution is a practical way for reducing the number of
components. This paper proposes a selection method using support vector machine and evaluates its performance.
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