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Capsule Neural NetworklCE DL VIV = PHEEFE

Malware classification method based on Capsule Neural Netvvork
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In recent years, the number of malware has been increasing rapidly. Then, the existing method for analyzing the malware is
performed manually, and there is a problem that it takes time to analyze.
It is extremely important to establish an efficient analysis method in order to take appropriate measures against malware theats
that are expected to increase in the future, and malware classification plays an important role as one of the methods.
In this study, malware is classified using a new deep learning method for image classification called Capsule Neural Network, and
its superiority is clarified by comparing it with the classification method using convolutional neural networks that has been
widely used so far. Furthermore, we proposed guidelines that lead to improved accuracy and learning time when creating learning
models using Capsule Neural Network
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