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Disinformation is a recent information security threat, and the key point of countermeasures is emotional incitement. In this study, we identified the textual features
of a disinformation that appeal to emotions, and verified the applicability of these characteristics to detection. Modality labels, which represent the psychological
attitudes of the sender of the information, were defined and assigned to three datasets: the original text of the hoax, corrected information, and a review of a novel.
We then compared and analyzed the frequency and order of appearance of the modality labels, and conducted machine learning using the modality labels. The
results show the possibility that some modality labels are effective in identifying hoaxes [force] and others are not [will], [ability], or [none], based on their
composition frequency and order of occurrence. In machine learning, the accuracy of simple class classification is insufficient, at around 46%, but if time-series
information is utilized for learning and a certain level of accuracy is ensured, it is possible to detect hoaxes independently of the truth or falsehood of information
and the topic. Future work includes increasing the number of data, automatically assigning modality labels, and adjusting the weights in the learning model.
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