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Study on ldentifying Al-Generated Program code
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In this study, we analyze Python programs generated by multiple generative Al models from identical natural

language prompts, focusing on both generating-model classification and inter-model code similarity analysis. Our
framework uses CodeT5+-based code embeddings and integrates code normalization, abstract syntax tree (AST)
representations, and UniXcoder-based structural information within a unified embedding space. Experiments across
diverse model families, including distilled models and different generation settings, show that incorporating structural
information improves classification performance. Moreover, normalization and structural features clearly reveal model

families and distillation relationships as similarities in the embedding space, demonstrating the effectiveness of structural
analysis for quantitatively Linderstanding relationshins among generative Al models,
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